In today'’s fast-paced data-driven world, near real-time data pipelines have become a critical requirement for many
organizations. Whether it's rapidly updating dashboards, fraud detection, or dynamic customer experiences, the

ability to process and deliver data with minimal latency is no longer a luxury — it's a necessity.

If you're vetting vendors and platforms that claim to support near real-time pipelines, it is crucial to evaluate their
capabilities rigorously. This blog will guide you through how to assess vendor claims, with special attention to key
platforms like Azure (Microsoft Fabric, Synapse), Databricks, and the broader landscape involving lakes,
warehouses, and lakehouses. We'll also explore governance, data lineage, semantic modeling, and orchestration

considerations that ensure your near real-time architecture isn't just hype but production-ready.

Understanding the Landscape: Lakehouse, Data Warehouse, and Data
Lake

Before diving into vendor evaluation, understanding the distinctions between data lakes, warehouses, and

lakehouses is fundamental. Each of these influences how data is ingested, processed, and delivered near real-time.

Data Lake

A data lake typically stores raw, unstructured, or semi-structured data in its native format. Technologies like Azure
Data Lake Storage offer scalable storage but are traditionally batch-processing centric, relying on tools like Azure
Data Factory or Databricks for processing.

Pros: Highly flexible, cost-effective storage scale.
Cons: Lack of built-in schema enforcement, slower query performance, complexity in building near real-time

pipelines without additional layers.

Data Warehouse

Data warehouses optimize for structured data with schema-on-write, indexing, and query optimization. Solutions
like Azure Synapse Analytics and Snowflake emphasize SQL querying, transactional consistency, and governance

features.



Pros: Low-latency analytical queries, strong governance support.

Cons: Traditionally batch-oriented ingestion; real-time ingestion is improving but may be limited based on
architecture.

Lakehouse

The lakehouse combines best of both worlds, blending the schema flexibility of lakes with the management and
performance of warehouses. Databricks and Microsoft Fabric (which will integrate lakehouse principles) exemplify

this model.

Pros: Supports batch and streaming, open formats like Delta Lake enable transactional updates, better suited for

real-time scenarios while retaining governance.

Cons: Complexity in managing orchestration and governance if not designed properly.

Evaluating Real-Time Processing and Pipeline Orchestration

Real-time isn't just a marketing term; it's about meeting strict latency requirements with reliable, continuous data

flow. Here's how to evaluate if a vendor can truly deliver near real-time pipelines.

1. Understand Vendor Pipeline Architecture and Latency SLAs

® Ask: What latency can they guarantee end-to-end? Is it seconds, sub-seconds, or minutes?

* Evaluate: Are streaming ingestion and processing natively supported, or are they emulated by frequent batch

micro-batches?

* Look for: Use of technologies like Azure Event Hubs, Kafka, or Databricks Structured Streaming that support
continuous ingestion with checkpoints and exactly-once semantics.

2. Review Pipeline Orchestration Strategy
Pipeline orchestration controls complex workflows, retries, dependencies, and sequencing.

* Ask: What orchestration frameworks are in use? (Azure Data Factory, Azure Synapse Pipelines, Databricks

Jobs, Apache Airflow, proprietary tools?)
® Check: How do they manage failures in streaming jobs? Is there fine-grained monitoring and alerting?

¢ Test: Can pipelines be triggered by event-based mechanisms rather than fixed schedules to reduce latency?

3. Validate Data Delivery Depth: Batch vs. Streaming vs. Micro-batching
Different vendors have different delivery patterns:

® Batch: Traditional, but unsuitable for low-latency needs.

® Micro-batching: Breaks batch into smaller, frequent units (e.g., Databricks Structured Streaming micro-
batches)

® Streaming: Continuous streaming models with stateful computations.

Red flag: Vendors tout “real-time” but rely on slow batch intervals or fail to provide event-driven ingestion.

Platform-Specific Considerations: Azure and Databricks



Azure Microsoft Fabric & Synapse

Microsoft Fabric promises a unified analytics platform including lakehouse capabilities. It aims to simplify real-
time ingestion by tightly integrating Microsoft's ecosystem, including:

* Ingestion: Azure Event Hubs for streaming, Azure Stream Analytics.

® Processing: Synapse Spark pools enable streaming ETL with structured streaming, micro-batching.

® Orchestration: Synapse Pipelines or Fabric's integrated orchestrator for pipelines triggered by events.

Checkpoints: Ask to see their implementations of state management, checkpointing in streaming jobs,

watermarking strategies for late-arriving data in Synapse or Fabric-powered pipelines.

Governance & Lineage: Does Fabric's semantic layer integrate with Purview or another catalog for automated

lineage? Who owns data quality tests — are they automated within CI/CD?

Databricks

Databricks has been a pioneer in the lakehouse space with Delta Lake enabling ACID transactional guarantees and
streaming/batch unification.
® Streaming: Structured Streaming supports continuous pipelines with exactly-once guarantees.

* Orchestration: Databricks Jobs API can be integrated with Apache Airflow, Azure Data Factory, or native

Workflows offering job dependencies, retries, and alerting.

® Latency: Databricks pipelines can achieve sub-minute latency, depending on the complexity of

transformations.

Lineage & Quality: Who manages schema evolution tests? Does the vendor have automated testing in their

Cl1/CD for streaming pipelines? Where is the semantic model for the curated data and who owns it?

Snowflake Delivery Depth: Warehouse Strengths and Limitations

Snowflake excels as a cloud data warehouse but does not natively provide streaming ingestion pipelines. Instead, it

relies on third-party tools like Kinesis, Kafka connectors, or Snowpipe for near real-time ingestion.
What to check:

* What is the typical latency of data availability via Snowpipe or streaming ingestion?

® Does the vendor have mature orchestration around Snowflake data flows, or is batch cron scheduling

dominant?

* How do they address data freshness and lineage in a high-frequency delivery context?

Red flag: Vendor focuses on batch-only Snowflake delivery but marketing “real-time” without clear latency

measurements or event-driven triggers.

Governance, Lineage, and Semantic Modeling: The Non-Negotiables
Near real-time processing capability is only part of the story.

The data must be trustworthy, understandable, and governed. Many vendors gloss over these aspects in pilot

phases but struggle post go-live.



Data Lineage

® Ask: Where does the end-to-end data lineage live? Is it automated and updated in real time?

* Look for: Integration with tools like Azure Purview, Databricks' Unity Catalog, or comparable platforms that

tightly couple lineage with pipeline orchestration.

Data Quality Tests and Ownership
® Does the vendor implement data quality tests (e.g., schema validation, null count, range checks) as part of the
pipeline?
* Who owns these tests — vendor or client team? Are they integrated into CI/CD?

* Avoid vendors who give vague assurances of “monitoring” but no concrete test coverage or incident history.

Semantic Modeling

A semantic layer translates raw data into business-friendly https://www.suffolknewsherald.com/sponsored-
content/3-best-data-lakehouse-implementation-companies-2026-comparison-300269c¢7 terms and metrics—

critical for consistent consumption across Bl tools.
* Ask: Does the vendor provide a semantic modeling platform? How does it integrate with pipeline
orchestration?
® Check: Can the semantic layer support near real-time updates without complex batch refreshes?

* Warning: Architecture diagrams lacking a semantic layer plan or showing disconnected Bl layers are red flags.

Implementation Experience: Real-World Lessons from Azure and AWS

From my hands-on experience leading migrations and implementations on Azure and AWS, vendor pilot success

stories often lack depth in production readiness for near real-time scenarios.

¢ Infrastructure as Code (laC) and Continuous Integration/Continuous Deployment (Cl/CD): Vendors that
ignore or underemphasize laC for pipeline deployments inject risk and manual overhead in production

environments.



* Incident Ownership: Check if the vendor provides long-term support with incident response for streaming

failures, or if it's “customer responsibility.”

® Cross-platform delivery: Vendors claiming expertise across Databricks and Synapse/Azure Fabric tend to

deliver higher maturity — ask for concrete examples of production mixed ecosystem real-time pipelines.

Checklist: How to Verify Vendor's Near Real-Time Pipeline Claims

Category Key Question What to Look For Red Flags Latency & Processing What end-to-end latency is
guaranteed? Sub-minute latency, streaming ingestion via Event Hubs, Kafka, Structured Streaming. Batch-only
ingestion, vague “real-time"” term, no SLA. Pipeline Orchestration How are pipelines triggered and managed?
Event-driven orchestration, retries, monitoring, alerting. Only cron jobs, lack of failure handling. Data Lineage Is
lineage automated and accessible? Integration with Purview, Unity Catalog; real-time lineage updates. Manual
lineage documentation, incomplete coverage. Data Quality & Ownership Are tests automated and integrated into
Cl/CD? Schema validation, test ownership declared, incident postmortems. No tests, vague monitoring claims.
Semantic Modeling Is there a semantic layer for real-time updates? Integrated semantic model supporting low-
latency Bl consumption. No semantic layer plan, disconnected BI integration. Implementation & Support Do they
support 1aC/Cl/CD and production incident management? Automated deployments, documented incident

response. Pilot-only success, no production support.

Conclusion

Running near real-time pipelines is a complex challenge involving multiple layers — ingestion, streaming
processing, orchestration, semantic modeling, and governance. When vendors tout their ability to deliver such
pipelines, don't accept marketing rhetoric or pilot demos as proof. Instead, dig into their technology stack, pipeline

designs, and especially their approach to governance and lineage.

Platforms like Azure Microsoft Fabric and Synapse are making great strides by enabling integrated lakehouse
architectures with native streaming and orchestration. Databricks continues to lead in lakehouse performance and
pipeline maturity. Snowflake remains strong in warehouse analytics but approach real-time ingestion claims

cautiously.
Finally, insist on seeing:

® A clear latency SLA with an architecture supporting that SLA

Event-driven orchestration and tight CI/CD pipelines

Automated data quality tests owned by the vendor or your team

End-to-end lineage with semantic layers aligned to your business needs

Only with this comprehensive lens can you trust a vendor to truly run near real-time pipelines that scale and

remain operable in production, beyond pilot success stories.



