In the evolving landscape of voice agents and conversational Al, one question continues to puzzle contact center
leaders and Al developers alike: when a caller corrects the bot multiple times, should the interaction be
escalated to a live agent? This isn't just a matter of user experience but also touches on operational cost,
customer satisfaction, and the underlying technology’s capabilities. Today, we'll explore this dilemma, anchored by
real-world examples from Suprmind, Air Canada, and innovations from OpenAl. Moreover, we'll unravel the seven
failure points in voice agents, analyze the challenges of Retrieval-Augmented Generation (RAG), and share best
practices around correction thresholds, handoff precision, and avoiding the dreaded conversation loop.
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Understanding the Correction Threshold in Voice Agents

Before deciding if escalation is necessary, it's critical to understand what "correction" entails in a voice Al context. A
correction typically means that a user has either:

* Received an inaccurate understanding of their intent or entity information by the bot

® Explicitly pointed out a misinterpretation in the bot's response or action

® Repeated or clarified information to steer the bot back on track



Correction threshold refers to the preset limit on the number of user corrections before the system decides to
escalate. For example, if a caller corrects the bot twice, as in our focus scenario, is that enough to trigger a
handoff?

Seven Failure Points in Voice Agents

Effective escalation hinges on identifying why the bot failed in the first place. Industry experience, including

projects led at Suprmind and Air Canada, highlights seven critical failure points in automated voice agents:

1. Speech Recognition Errors: Inaccuracies in converting speech to text often inflate false corrections.

2. ASR Contextual Failures: Speech-to-text pipelines may misrepresent words in noisy or accented speech

without proper adaptation.
3. Entity Extraction Mistakes: Failure in capturing key data points like account numbers, dates, or names.
4. Knowledge Base Mismatches: When RAG systems pull outdated or irrelevant facts, the conversation derails.

5. Poor Dialog Management: Looping responses without clarity frustrate users who then correct the bot

multiple times.

6. Lack of Confirmation Mechanisms: Without high-precision entity confirmation or readback, errors
compound.
7. Misinterpretation of User Intent: Complex queries or ambiguous language can confuse even advanced

natural language understanding (NLU) models.

Recognizing which of these failure points caused the call to require two corrections is crucial before opting for an

escalation.

Limits of RAG and Knowledge Base Hygiene

OpenAl's Retrieval-Augmented Generation (RAG) paradigm combines the generative power of models like GPT

with a retrieval system querying a knowledge base. While powerful, it isn't without limits:

Challenge Description Impact on Voice Agents Outdated or Incorrect Knowledge Base If documents or data entries
in the KB haven't been regularly cleaned, the RAG model retrieves misleading facts. Causes wrong responses
leading to correction cycles or even hallucinatory answers often mischaracterized. Latency in Retrieval Complex
queries involving multiple retrievals can slow down responses. Leads to unnatural pauses, increasing caller
frustration and correction attempts. Mismatch Between Retrieval & Generation Sometimes the model hallucinate

details or mixes multiple retrieved facts incorrectly. Degrades response accuracy, influencing the correction
threshold.

What is the source of truth for such mismatches? Companies like Suprmind emphasize robust knowledge base
hygiene practices—regular audits, pruning out-of-date information, and using live tools that integrate real-time
updates to maintain accuracy.

Live Tools as Source of Truth for Customer-Specific Facts
Every contact center—Air Canada being a prime example—knows that customers’ facts are fluid:

® Booking status
* Membership tiers
® Flight schedule changes

® Payment methods



Static knowledge bases are insufficient for tracking these dynamic details. Live tools that integrate CRM or

operational databases provide the “single source of truth” for these facts.

The key challenge is integrating live data retrieval APIs into speech-to-text and text-to-speech pipelines without
causing latency or confusing the RAG models. This integration dramatically improves handoff precision and

provides customers with instantly validated data, reducing correction triggers.

High-Precision Entity Confirmation and Readback: Avoiding Looping

One way to minimize correction loops and optimize when to escalate is through high-precision entity

confirmation and readback practices.

* Confirmation: After extracting an entity — say, a booking reference like “B three one seven two"” — the bot

asks the user to confirm: “Did you say B-3172?"

* Readback: The bot repeats back user-provided info in a natural tone before proceeding.

These steps ensure early detection of errors in entity recognition and reduce multiple correction cycles. Suprmind
has consistently prioritized entity confirmation in their implementations to strike the proper balance between

conversational naturalness and operational precision.

In practice, you can set a correction threshold—for example, two corrections on critical entities—but if the bot
implements high-precision verification upfront, the likelihood of errors needing multiple corrections diminishes

dramatically. This threshold shouldn't be hardcoded blindly without evaluating the particular failure mode at play.

Handoff Precision: When Escalation Makes Sense

Blind escalation after X corrections risks unnecessarily burdening live agents or frustrating the caller. However,

insufficient escalation leads to poor customer experience through infinite loops or forced self-service.
To optimize handoff precision, consider the following table summarizing a decision matrix:

Condition Recommended Action Rationale Two corrections on a non-critical entity, bot has live tool access Retry
confirmation once more Value in automated correction before disrupting flow Two corrections on critical entity like
payment or booking reference Escalate to live agent High risk of downstream errors; customer trust at stake
Multiple looping corrections (>3) without resolution Immediate escalation Avoid customer frustration and wasted
call time Bot detects ASR confidence low on recognized entities Confirm with explicit readback Prevent mishearings

from escalating to corrections

OpenAl’s recent speech-to-text and text-to-speech improvements enable better confidence scoring, so integrating
these signals helps the conversational Al adapt dynamically—retrying or escalating based on real-time evidence,

not just static thresholds.

Avoid Looping: The Silent Customer Killer

Looping is one of the most frustrating failure modes. EU Al Act Article 50 If a caller keeps correcting the bot for

the same mistake, every additional cycle erodes trust and goodwiill.

* Loops generally arise from dialog design issues, poor intent discrimination, or unreliable ASR/NLU

components.

* Measuring looping rate as a key metric, rather than just correction counts, helps identify stuck interactions.


https://suprmind.ai/hub/insights/voice-ai-hallucinations/

* |ncorporating live agent intervention becomes unavoidable after a triggering loop threshold to break the

cycle.

Suprmind has built evaluation suites that monitor looping tendencies on real call audio data, keeping the team
honest about improvement areas. This also prevents the misuse of "hallucination" as a catch-all term whenever an
Al response disappoints—not every failure is hallucination, and looping penalties are measurable and actionable

instead.

Conclusion: Should Two Corrections Trigger Escalation?
The answer is: It depends. Here's a practical checklist to guide your decision:

1. Verify if the corrected entities are critical to task completion.

2. Check if live tools or CRM integration are available to validate facts in real-time.

3. Assess whether the bot has implemented high-precision confirmation/readback before getting corrections.
4. Analyze ASR confidence and whether audio conditions may have caused mishearing.

5. Consider previous loop history in the call to prevent repeated cycles.

6. Adjust the correction threshold dynamically based on these signals rather than fixed hard limits.

Companies like Air Canada, Suprmind, and OpenAl’s platform teams show that a blend of technological rigor and
customer-centric design yields optimal handoff precision. Rather than blindly escalating after two corrections,
leverage a nuanced approach that aims to avoid looping, maximizes RAG strengths with clean knowledge bases,

and relies on trusted live tools for truth.

When your bot hears “B three one seven two" for the second time, ask yourself: Have we tried all high-precision
confirmations? Is the knowledge source current and verified? Is the customer’s trust intact, or about to break?
When you answer those with clarity, you'll know when to gracefully hand off, ensuring your voice agent both

delights and performs.



