
In 2024, AI-powered tools have woven themselves deeply into critical industries such as legal, healthcare, and
finance. While large language models (LLMs) like GPT and Claude deliver unprecedented convenience and
productivity, not all AI-generated outputs are created equal — particularly when it comes to hallucinations, or
confidently presented but false information.

This post dives into the “3x gap” in legal hallucination rates uncovered by companies like Four Dots and Suprmind,
explains why this gap is a measurable business cost, and why model selection and verification overhead demand
more nuanced awareness.

Defining The 3x Gap: Legal Hallucinations Between Top vs. Average
Models
Recent multi-model benchmarks show a striking discrepancy in hallucination rates when deployed on legal text
tasks:

Model Group Average Legal Hallucination Rate Top Models (GPT, Claude, Gemini) ~6.4% Average Models
(including Grok, Perplexity, assorted lesser models) ~18.7%

That’s nearly a 3x gap, where less optimized models produce nearly three times as many hallucinated claims in
sensitive legal contexts.

This finding comes from comprehensive evaluations across Suprmind’s multi-model chat platform, which
orchestrates five models—GPT, Claude, Gemini, Grok, and Perplexity—allowing side-by-side comparisons in real-
world scenarios. Four Dots has also reported similar risk disparities during client implementations.

Why Hallucinations Matter as a Business Cost
At first glance, a 6.4% or even 18.7% hallucination rate might seem like “just some errors” in AI output. But in legal
contexts, each hallucination can translate to a costly misstep:

Incorrect contract clauses that undermine legal protections.

Misstated case law or regulations leading to faulty advice.



Faulty document summaries producing misleading executive briefs.

Each hallucination must be caught and corrected through human verification — an overhead that Four Dots
estimates can double or triple the labor spend in legal AI workflows.

This verification overhead is a hidden labor cost quietly draining the ROI of AI deployments. It’s not enough to say
“just verify everything;” companies must quantify the tradeoffs between model quality, labor costs, and acceptable
risk.

Domain-Specific Risks: Legal vs Healthcare vs Finance
The startling 3x hallucination gap takes on even greater import when we consider domain-specific sensitivities:

Legal: Erroneous AI claims can directly impact contract enforceability, compliance, and litigation outcomes.

Healthcare: Hallucinating patient details or drug interactions poses severe safety risks.

Finance: Incorrect financial advice or data can lead to compliance violations and substantial losses.

While the 6.4% rate might be tolerable with robust downstream audits in lower-risk domains, legal applications
tend to magnify the impact fourdots.com of each hallucination — amplifying the cost of overlooked errors.

Suprmind’s multi-model orchestration strategy is particularly valuable here, enabling dynamic selection of best-
fit models per query and domain, balancing precision with cost.

Model Selection Impact: No Single Best Model Emerges
“But isn’t GPT or OpenAI the best AI out there?” is a common misconception. The reality is more complex.

Benchmarks show substantial variability:

GPT variants often lead in fluency and general knowledge but occasionally miss domain-specific intricacies.

Claude and Gemini sometimes generate more precise legal phrasing but can hallucinate less common
jurisprudence.

Grok and Perplexity and other alternative models show higher average hallucinations, especially on niche
queries.

https://fourdots.com/business-impact-of-ai-hallucinations-rates-and-ranks


Four Dots, Suprmind, and other AI integrators have learned there is no single best model. Instead, a five-model
orchestration approach combining GPT, Claude, Gemini, Grok, and Perplexity yields more balanced outputs and
lowers risk through cross-validation.

OpenAI’s rapid API improvements and ecosystem growth help push the best performing models forward, but
these large providers do not eliminate hallucinations entirely.

Verification Overhead: The Hidden Labor Spend
Many AI evangelists casually claim “AI is getting accurate enough to skip human review.” Our decade watching
enterprise AI warns this is dangerously optimistic.

Verification requires:

1. Subject matter experts to read and fact-check outputs line-by-line.

2. Re-querying multiple models for cross-check results, increasing API and compute costs.

3. Workflow orchestration with tools like Suprmind’s platform to manage claims, identify contradictions, and
escalate for legal sign-off.

The combined labor and system costs can equal or surpass the cost savings of automating draft generation —
especially when dealing with the 18.7% hallucination rate observed in average-quality models.

How Four Dots and Suprmind Approach the Hallucination Challenge
Four Dots has worked with law firms integrating AI into contract review and document drafting, emphasizing
upfront model benchmarking and tailored multi-model pipelines. They focus on minimizing the risk surface by
leveraging top-tier models and fallback checks.

Suprmind offers a multi-model chat platform that simultaneously engages GPT, Claude, Gemini, Grok, and
Perplexity in parallel orchestration. Their system tags and cross-verifies outputs, highlights inconsistencies, and
helps clients decide which outputs to trust without blind acceptance.

This multi-model approach recognizes the fundamental reality: every large language model will hallucinate at some
rate, but poor model choice can triple that burden.

Benchmarks Matter — But Watch For Cherry-Picking
One frustrating trend is cherry-picking benchmarks to highlight a single model’s best metrics while ignoring
domain-specific hallucinatory costs.

Without a holistic view—like that provided by Suprmind’s comprehensive five-model system—organizational
leadership risks underestimating AI risks and hidden costs.

OpenAI and other vendors publish benchmark scores but rarely report detailed hallucination rates across sensitive
domains like legal or finance.

Companies must push for rigorous, repeated testing under live casework conditions and measure real-world costs
rather than rely solely on marketing promises.

Conclusion: The 3x Gap is a Wake-Up Call



The 3x gap in legal hallucination rates—from 6.4% for top models to 18.7% for average ones—is far more than an
abstract statistic; it is a clear business and risk signal.

Ignoring this gap inflates hidden verification labor, endangers compliance, and increases liability. The right
approach calls for:

Rigorous multi-model orchestration (such as Suprmind’s platform)

Domain-specific risk calibration and tolerance setting

Transparent measurement of hallucination and verification costs

Continuous refinement of model mix rather than a “set it and forget it” selection

Four Dots, Suprmind, and OpenAI’s ecosystem are paving the way for pragmatic AI adoption that respects these
tradeoffs and reduces hallucination risk while optimizing cost and quality.

Any legal AI deployment ignoring this 3x gap and the buried labor costs does so at its peril.


