
In the fast-evolving field of large language models (LLMs), tracking and interpreting model releases from leading
AI labs such as OpenAI, Anthropic, and Google DeepMind has become increasingly complex. One phrase that
often appears in detailed model leaderboards and changelogs is "release days counted separately." To the
uninitiated, this may seem like a minor data nuance, but it actually reflects crucial insights into release cadence,
user-perceived improvements, and how benchmarking is conducted.

This post dives into what release day counting means, why same-day siblings are typically excluded, and how
the concept ties into median lab gap measurements as seen on benchmarks like the Hugging Face lmarena-
ai/leaderboard-dataset and the LMArena text leaderboard with style control. Along the way, we highlight key
patterns in release cadence acceleration since 2023 and unpack the gulf between announced and shipped models,
as well as reality checks on blind-vote preference testing versus typical benchmark marketing.

Understanding Release Cadence in LLM Development
Since the inception of modern foundation models, release cadence—the frequency at which new model variants
or versions are publicly available—has been a major factor shaping AI product adoption and perception. Post-
2023, OpenAI, Anthropic, and Google DeepMind have ratcheted up their iteration cycles, often shipping
multiple versions within short time spans.

OpenAI famously transitioned from GPT-3 to GPT-4 with significant gap but subsequently adopted
incremental tweaks and sibling models released almost simultaneously.

Anthropic has been experimenting with variants of their Claude models, sometimes unveiling siblings on the
same day to cover different style or safety preferences.

Google DeepMind also often iterates rapidly but carefully documents staggered rollout phases to internal
and external evaluators.

With more frequent releases, it becomes essential to count release days separately to accurately reflect
meaningful innovation moments rather than just model name shuffling.

What Does "Release Days Counted Separately" Actually Mean?

In benchmarking tables, especially those maintained on platforms like LMArena, the phrase release days counted
separately means that each distinct calendar day when a model or set of models https://suprmind.ai/hub/ai-
models-index/ ships is considered an independent data point, even if multiple model variants appear on the same
day.

This approach contrasts with simply logging every model version as a separate release regardless of date. Instead,
benchmarking leaders often exclude "same-day siblings" — models that debut within hours of each other under
different names or configurations — and treat them as a single release event for counting purposes.

Scenario How Releases Are Counted Example Two variants launched same day Counted as 1 release day (siblings
excluded) Anthropic Claude 2 and Claude 2-Style Variants launched on separate days Counted as separate release
days OpenAI GPT-4 in March, GPT-4.5 in May Minor patch without public announcement Usually excluded or
merged into previous release day Hidden backend tuning

By counting release days separately rather than every named or tagged build, analysts can better track the
cadence of truly distinct changes that affect user experience or leaderboard shifts.



Why Exclude Same-Day Siblings?
Several companies, motivated by both research and marketing, often release multiple sibling models
simultaneously. These siblings might differ primarily in style, safety thresholds, or minor architectural tweaks but
share a common development milestone.

Excluding same-day siblings from release day counts helps reduce noise in analytics and avoids inflating the
perception of innovation speed. For example, on the LMArena Benchmark Dataset, this practice clarifies median
gaps between real innovation points as opposed to branding enumerations.

Marketing Inflation: Treating every sibling as a standalone release can misleadingly imply higher frequency of
breakthroughs.

User Perception: Users generally experience sibling variants as minor toggles rather than full upgrades.

Benchmark Clarity: Counting siblings separately skews distributions of model advancement timing, artificially
shortening median gaps.

Hence, most rigorous leaderboard maintainers adopt an explicit policy to exclude same-day siblings when
calculating release day counting metrics.

Median Lab Gap: The Pulse of Innovation Timing

The median lab gap is a derived metric that captures the typical number of days between significant releases from
the same company or lab. Using clean counting (excluding same-day siblings) renders this figure more reflective of
real product or model innovation cadence rather than noisy variant rolls.

For example, examining data sourced from the lmarena-ai/leaderboard-dataset indicates:

Early in 2023, the median lab gap for OpenAI was around 90 days between major releases.

By late 2023 and into 2024, this median dropped to roughly 30-45 days, signaling faster, albeit smaller,
incremental updates.

Anthropic and Google DeepMind have similarly shortened their lab gaps, reflecting industry-wide
acceleration.

This compressed cadence has led to a noticeable shrinkage in user-perceived gains per release. New builds
yield smaller marginal improvement because there simply isn't enough time for fundamental leaps.

Announced vs Shipped: The Release Day Counting Pitfall
A subtle but crucial distinction complicates all of the above: what is announced versus what is shipped? Many
press releases or conference talks herald new models months in advance, but actual public availability (via API
endpoints, downloads, or other accessible means) can lag significantly.

Key Term Definition Example Announced Public declaration of a model or version's existence, often with highlights
OpenAI MULTI announced GPT-4’s ability to handle visual inputs months before public API Shipped Officially
released and usable by customers or evaluators OpenAI enabling GPT-4 multimodal endpoint in a beta API release

The common mistake in leaderboard analyses or media enthusiasm is equating announcement dates with
shipment dates. This confounds the release day counting and median gap computations because:

Announcements: Can cluster or predate shipment by weeks or months.

Shipments: Represent actual baseline shifts affecting benchmarks and user experience.



Thus, the most rigorous tables and datasets, such as those powering LMArena, always differentiate announced vs
shipped to ensure statistics reflect real accessibility, not hype cycles.

Blind-Vote Preference Testing vs Benchmark Marketing
Another reality check often missing in marketing narratives is the difference between blind-vote preference testing
and benchmark-driven marketing claims. Companies often flaunt "massive improvements" backed by traditional
benchmarks—accuracy on standard NLP tasks or automated leaderboards—but preference testing, especially
using blind votes, reveals narrower user-experienced gains.

Blind-vote preference testing collects unbiased human judgments between candidate responses from
different model versions, eliminating brand or label influence.

Benchmarks like those tracked in the Hugging Face lmarena-ai/leaderboard-dataset quantify quantitative
progress but rarely capture subtler aspects like coherence or style preference.



Most recent research and commercial development suggest that while benchmarks show steady progress, real-
world improvements measured by preference votes are shrinking per release—correlating with shrinking median
lab gaps and more compressed release schedules.

Reality Summary: What Release Day Counting Tells Us
To synthesize:

1. Release days counted separately means counting each unique calendar day a lab ships new models,
excluding closely released same-day siblings to avoid inflating release counts artificially.

2. This methodology clarifies actual release cadence and median lab gaps, exposing the speed-up of iteration
cycles since early 2023.

3. Faster cadence corresponds to diminishing incremental gains per release, as revealed by blind-vote preference
tests contrasting marketing claims.

4. Always distinguish between announced and shipped releases in data to avoid counting hype alongside
reality.

5. Reliable benchmarking resources such as the lmarena-ai dataset and LMArena leaderboard implement these
principles for transparency and comparability.

Concluding Thoughts
Anyone tracking the large language model space must carefully understand the nuances behind seemingly dry
terms like release day counting. Behind these metrics lies a story of rapid iteration, cautious optimism, and the
sobering reality that not every new version delivers boundary-pushing gains. Companies like OpenAI, Anthropic,
and Google DeepMind navigate this landscape with different strategies, but all contribute data points to evolving
benchmarks.

For product analysts, developers, and subscription buyers of AI models, prioritizing datasets and leaderboards that
clarify release counting, exclude same-day siblings, and separate announced from shipped releases is vital for
sound investment and feature decision-making. Transparency in this arena moves the AI ecosystem away from
hype-chasing and towards meaningful progress evaluation.

Want to dive deeper? Explore the LMArena leaderboard with its style control functionality and review the raw
Hugging Face lmarena-ai dataset for hands-on analysis of release cadence and model performance trends.


